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The introduction of Artificial Intelligence (AI) has altered the 

strategic aspect of financial management with the use of digital 

economy. The paper talks about how analytical solutions induced 

by AI enhance the strategic financial decision-making and business 

model change process in digitally oriented systems. Based on the 

quantitative theoretical rationale, the paper makes explanations 

regarding the relationship between AI adoptions, decision making 

effectiveness, strategic agility, cognitive fit, and financial 

performance without utilizing the empirical data. The argument is a 

synthesis of the concepts of Technological Determinism, Resource-

Based View (RBV), Dynamic Capabilities Theory (DCT), Cognitive 

Fit Theory (CFT) to propose an integrated perspective of the 

strategic impact of AI. These findings have demonstrated that AI is 

an emerging capability, which supports accuracy in decision-

making, greater organizational receptiveness and information-

driven business frameworks. Besides, an effective integration of 

strategies between human managers and AI systems is determined 

to be dependent on cognitive alignment. The results of the research 

come to the conclusion that the application of AI in financial 

decisions is not only the technological improvement but also the 

strategic requirement to remain competitive in the digital age. 
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Introduction 

Artificial Intelligence (AI) has made a very fast rise as one of the disruptive technologies that are 

altering the way organizations should work, compete, and make strategic financial choices. In a 

world of global business, characterized by volatility, uncertainty and fast-paced digitalization, the 

capability to handle as well as analyze large amount of financial as well as operational data has 

turned into a significant success factor. AI helps organizations, leave the past of rule-based 
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analysis based on controlled and uncontrolled systems to new systems that learn, predict and 

optimize decisions. 

In the strategic financial management, the AI impact can be observed in the area of forecasting, 

risk modeling, the value of assets, and the performance measurement. In the case of machine 

learning algorithms, trends and anomalies in complicated financial data that might otherwise go 

unnoticed by human analysts can be determined. On the same note, financial reporting, budgeting, 

and auditing processes are optimized with the help of natural language processing and intelligent 

automation, which enable the decision-makers to focus more on strategic interpretation instead of 

spending energy on daily data management (Davenport and Ronanki, 2018). 

Interconnectedness, abundance of data and algorithmic intelligence are all defining features of the 

digital economy. In this type of an ecosystem, companies will have to abandon the conventional 

decision models, which rely on their rather stagnant assumptions and linear forecasts, in favor of 

models that are dynamic and which can adapt at all times. To an extent, the AI not only makes this 

shift possible but also alters the concept of strategic intelligence itself by incorporating cognition 

and learning into financial systems (Brynjolfsson and McAfee, 2017). 

Problem Statement 

Although AI represents a revolutionary aspect, not much quantitative data has been determined 

regarding its theoretical impact on strategic financial decisions and business model realignment. 

The current literature tends to focus on qualitative aspects of using AI to enhance operational 

efficiency or make innovations, whereas little empirical and theoretical models to measure the 

effect of AI on the accuracy, agility, or performance of decisions are available (Wilson and 

Daugherty, 2018). 

Moreover, the process through which AI can be of value in the financial strategy, e.g., how it can 

enhance the efficiency of decision-making, enhance agility, or engage with human cognitions, has 

not been sufficiently modelled in extant literature. The lack of a unified theoretical framework that 

could help to connect the technological, strategic, and cognitive factors restricts the development 

of academic work and its practical implementation. This paper thus formulates a quantitative 

theoretical framework to fill this gap and explain the conceptual relationships between the 

adoption of AI and strategic decision-making, as well as financial results. 

Research Aim and Objectives 

The purpose of the study is to develop and unify a theoretical framework in the form of a 

quantitative study related to the improvement of strategic financial decision-making with the help 

of AI capabilities and business models changes within the digital economy. 

Objectives 

1. Theoretically assess how AI capabilities can influence strategic financial decision-making 

processes and performance. 

2. Exhibit mediation of decision-making competence and agility in strategic decision-making 

between AI ability and financial performance. 

3. This can be achieved by exploring how the use of AI relates to managerial interpretation 

and how cognitive fit has an impact. 
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4. Discuss the greater strategic, ethical and policy issues of the AI-at-scale decision systems 

in digital organizations. 

Significance of the Study 

This study is useful to theoretical and practical knowledge about the effect of AI on finance. Its 

conceptualization of quantitative relationships between AI adoption, decision-making efficiency, 

and financial performance is theoretically extrapolating the literature through which it provides the 

basis on which future empirical validation of the assertions can be established. In practice, it offers 

managers framework around which to enhance forecasting accuracy, risk management, and capital 

allocation, which is based on the use of data-driven intelligence. To the policy-makers, the results 

provide information about governance, ethics and infrastructural development required to enable 

fair and efficient adoption of AI. 

Scope and Delimitations 

The paper aims to examine the application of the AI in the strategic decision-making of financial 

practices such as investment analysis, capital structure model, and performance analysis. The 

framework is abstract and also lacks empirical evidence as it is largely conceptually rigorous, not 

statistical. Although the insights can be generalized to the digitization of organizations, those that 

are medium and large-sized companies that consider AI to be an element of their strategic and 

financial processes are the ones most relevant to the analysis. 

Literature Review 

Artificial Intelligence and Financial Decision-Making 

The introduction of AI in the financial process of decision-making has changed the concept of 

forecasting, budgeting, and risk management. Credit scoring, investment analysis, and portfolio 

optimization are some of the areas where predictive analytics and machine learning models are 

now applied (Bose et al., 2021). Such instruments increase accuracy as there is recognition of 

correlations in multidimensional data sets and prediction of possible results in different 

circumstances. 

The theory of bounded rationality as offered by Kahneman (2011) places the problem of human 

judgment in a light that points at its limitation and is particularly restricted in times of uncertainty. 

The objective and consistent processing of information counteracts these cognitive limitations with 

more evidence-based decision outcomes achieved through AI application. Nevertheless, AI 

presents another form of uncertainty, namely algorithmic uncertainty, which is associated with the 

biases in data, the lack of knowledge about gap models, and overfitting (Makridakis et al., 2020). 

Hence, human control is essential to guarantee the presence of contextual interpretation and moral 

reading of AI-based suggestions. 

Strategic Management and AI 

Technologically speaking, AI is a resource as well as a dynamic capability. Resource-Based View 

(Barney, 1991) assumes that valuable resources that are rare and inimitable give the organization 

sustainable competitive advantage. These features are reflected in AI that provides the ability to 

interpret data better, and automate and remain in learning mode. 
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This perspective is expanded by the Dynamic Capabilities Theory (Teece, 2018) that focuses on 

the adaptiveness, or the capacity to feel, grab, and reorganize resources based on change. 

Companies that successfully introduce AI into their strategic decisions become agile and can 

quickly adapt to changes in the market. These abilities are not only effective in operation but also 

on strategy, which makes it long-lasting in the turbulent environment. 

Digital Transformation and Business Model Innovation 

Digital transformation has reshaped the value creation and value bringing of companies. AI 

presupposes being at the forefront of the change because it is a facilitator and a product of 

digitalization (Verhoff et al., 2021). Through intelligent automation, the businesses can achieve 

real-time performance information, consumer data, and optimization of processes. 

The derivatives of AI integration are referred to as a Business Model Innovation (BMI). 

Organizations where AI is applied reinvent their value propositions, and new services are offered, 

such as predictive financial advisory, or AI-informed investment platforms (Chesbrough, 2020). 

This transformation makes organizations to become asset based to those that are data driven in 

which information contributes the progressively significant part in the generation of competitive 

advantage. 

Cognitive Fit and Human–AI Collaboration 

The more the information is the more the level of performance in the decision is improved 

according to Cognitive Fit Theory (Vessey, 1991) the decision-maker is the one with the most 

suitable cognitive processes to appropriately handle information and therefore perform the decision 

better. This could mean in financial management that the product of the artificial intelligence is 

supposed to be readable and to adhere to the line of thinking in management. There are increased 

trust and reliance of AI insights leading to good decisions with good cognitive fit. Conversely, it is 

possible that cognitive incompatibility could lead to a lack of trust or a lack of understanding of AI 

advice (Liu and Chen, 2021). 

Human interface of AI efficacy therefore is cognitive fit; the element of intelligent AI, neither 

technical accuracy nor managerial utility. This theory supplements the nature of explainable AI 

(XAI) systems that allow users to understand the cause of algorithm succeeding outcomes. 

Ethical and Governance Considerations 

Due to an increased reliance on AI in financial decision-making, ethical issues of transparency, 

fairness, and accountability turn out to be critical. The risk with the algorithms based on historical 

data is that they will only reproduce the pre-existing biases especially when it comes to credit 

scoring and investment screening (O’Neil, 2016). In turn, this requires the use of ethical 

governance systems that support fairness, privacy of data, and human control (Jobin et al., 2019). 

The ethics of AI is not merely a moral requirement but a financial one: the openness in the 

management of the firm will bring more investors closer (Floridi et al., 2022). Theethical 

component therefore needs to be incorporated in the technological design and corporate 

governance structures. 
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Identified Research Gap 

Although the concept of AI and digital transformation is widely discussed, there is a lack of 

research applicable in quantitative theory through the combination of technological, cognitive, and 

financial aspects. A majority of the analyses are descriptive or piecemeal. This research paper 

addresses this gap by integrating AI as both a technological factor and a cognitive facilitator of 

strategic decision making within the business sector, which offers the model through which AI 

capabilities are changing the financial performance and business model agility. 

Methodology 

Research Design 

The theoretical research design that is used in this study is the positivism paradigm of a 

quantitative research. It applies a deductive logic approach in developing logical connections 

between such theoretical constructs as AI adoption, decision efficiency, agility, and financial 

performance. Even though, no numerical data are involved, the model makes the assumptions that 

the variables may be empirically quantified using indicators such as decision accuracy, degree to 

which innovation occurs and also by the return on assets. 

The theoretical design is explanatory per se- it aims at modeling causal relationships and 

explaining how the adoption of AI usually produces better financial outcomes, via mediating and 

moderating processes. 

Conceptual Framework 

The theory represents AI adoption and AI capability as the key variables of influence. These 

determine the efficiency of decision-making which subsequently improves the strategic agility and 

finances. The mitigating variable is cognitive fit that enhances or diminishes the utility of AI 

insights based on the interpretability and managerial thinking alignment. 

The framework is an evolution of an integrated system i.e. the difference between the quality of 

financial decisions is made by a combination of technological capability and human knowledge. 

Theoretical assumption It is assumed that the strategic value of AI is maximized when superior 

analytics, managerial cognition, and agile processes are combined. 

Theoretical Population and Sampling Context 

The theoretical population is made up of medium to large companies who are actively on the path 

of digital transformation. This model is particularly appropriate in industries where data is highly 

intensive like banking, manufacturing, logistics, and retail which have quantifiable financial 

results. In a possible empirical implementation, the structured polls or financial indicator of firms 

may be used to gather the data. 

Ethical Foundations 

Even though this study is theoretical, the ethical tenets in quantitative modelling is resolved. The 

analysis facilitates openness, equity and responsibility in interpreting data and the application of 

AI. Ethical AI governance is deemed as part of sustainable financial transformation, and it 

conforms to the new global standards of responsible AI. 
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Theoretical Results 

Overview 

According to the theoretical outcomes, AI is not only associated with automation in financial 

management but it is also a transformer of cognitive and structural basis of organizational strategy. 

This paper conceptually derives the results of how AI adoption enhances efficiency of decision-

making, supports strategic agility and improves financial results. 

AI Adoption and Decision-Making Efficiency 

The use of AI increases the accuracy of decisions made, timeliness, and consistency. The 

predictive analytics enable financial managers to process massive data flows to predict future 

trends of revenues, risks, and simulate investment in different situations. This theoretically causes 

expedited decision making and better quality of results. 

Through automation of intricate analytical procedures, AI reduces the human error alongside 

mental strain, hence strategic judgment is made on the basis of sound data and not the human 

whims. The more organizations have made AI a part of the financial systems, the more they shift 

to cultures of proactive as opposed to reactive decision making. 

AI Capability and Financial Performance 

The ability to utilize AI in a higher manner becomes automatic with the introduction of AI 

capability coming to pass as an institutional way of exploiting and optimizing AI. Business 

organizations that have created AI and analysis capacities can use data to transform it into 

actionable information, which directly influences the profitability and cost reduction. 

These capabilities also enable its innovativeness, in which companies can create new financial 

products, or make capital structure optimization in real-time. AI is thus both operational 

mechanism and a strategy resource that is able to generate long term value (Barney, 1991). 

Decision-Making Efficiency as a Mechanism 

Hypothetically, it becomes obvious that the correlation in the framework of the AI capacity and 

financial results must entirely be under the influence of the effectiveness of the decision-making. 

Companies enhance speed and precision of financial data and information, the ambiguity and the 

precision of resource utilization are minimized. Successful firms can make use of the analysis 

potential of AI to translate into the actual performance change of measuring in the form of higher 

returns on assets or a lower cost of capital. 

Strategic Agility and Organizational Adaptability 

The strategic agility can assist the firms to act with the changed market conditions. Assistance is 

the application of AI with carrying out feedback loop on data, real time simulation of scenarios and 

prediction of market simulations. The problem of artificial intelligence in turbulent environments -

dynamics of commodity markets or blistering technological change- gives companies the benefit 

of changing strategy fast enough to survive financially and remain competitive. 
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Cognitive Fit and Human Oversight 

The cognitive fit determines the extent of good usage of AI-generated information by the decision-

makers. The high cognitive alignment enhances the trust, interpretability, and user adoption to 

ensure that the logic of the algorithm supplements the human judgment. On the other hand, where 

the outputs of the research are weak or over technical, the decision-makers turn out to not regard 

an important piece of knowledge or even misuse them. 

Thus, the value of AI is achieved once cognitive design is focused on usability, interpretability, 

and training. The sustainable intelligent finance is based on human-AI collaboration. 

Integrated Theoretical Outcome 

Its composite outcomes imply a cyclical phenomenon: the efficiency of the AI adoption process 

positively influences decision-making, making it more agile and performance-oriented, and 

investing in the further development of the AI capacity. This cycle reflects a self-experientiating 

cycle of learning, creativity, and venture, which are typical in an organization of a digital era. 

Discussion 

The theoretical findings are interpreted in the discussion section using the integrated perspectives 

of strategic management, technological innovation and cognitive theory. The findings suggest that 

Artificial Intelligence (AI) is not the technological addition but a re-arrangement of the 

organizational decision-making paradigm fundamentally. The integration of data-driven learning 

systems into the financial decision process makes AI change cognitive structures of the managers 

and the strategic orientation of firms to more agile, informed and proactive operations. 

AI as a Cognitive Extension of Management 

Historically, strategic financial decision-making has relied on experience, intuition and historical 

performance measures. Although these factors are still critical, they are usually limited by human 

thinking capacity like bounded rationality and biases (Kahneman, 2011). AI enhances managerial 

cognition as it allows the computation of huge, multidimensional data that is way beyond human 

analytic abilities. This addition enables the managers to identify trends, predict the tendencies, and 

approximate the possible results more precisely. 

In theory, it is consistent with the Cognitive Fit Theory when AI-determined tools that can display 

information in ways that are easy to infer enable managers to merge quantitative and qualitative 

knowledge. The increased level of cognition also guarantees that judgements made are based on 

empirical data as well as the knowledge related to the situation and provide balanced and strategic 

decisions. 

The convergence of Human and Artificial Intelligence 

The blending of human and artificial intelligence constitutes an amalgamation of a decision 

environment. The role of the human manager in such environment is transformed not as a sole 

decision-maker but rather as a strategist of the order-in the sense of interpreting AI outputs and 

making sure that it is applied in an ethical manner. The responsibility of a manager is therefore 

redefined in the human-AI partnership. 
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Companies that employ synergy between human and AI computational intelligence are able to 

have better adaptability. They are in a better position to perform what-if strategies, model complex 

financial analysis and also foresee future financial or market shocks. This will lead to resilience in 

its abilities and firms can resist external shocks in the form of supply chain volatility, currency 

turbulence, or changes in consumer behavior. 

Enhancing Transparency and Accountability 

Financial management systems that operate with AI support transparency of businesses by 

automatically auditing and classifying abnormalities, as well as reporting on performance. The 

reason behind this is that these systems reduce the factor of the human error and manipulation and 

hence the result of the decision can be tracked and validated. An example of such instances is the 

AI-based systems that are blockchain based and they can offer irrefutable documentation of 

financial deals and thus conforming to the regulation procedures. 

In addition to this, AI is also advantageous in regards to accountability by preventing information 

asymmetry between the management, investors and the stakeholder. Evidence-based 

communication is made accountable through the application of real-time dashboards and predictive 

reports and enables boards or shareholders make informed oversight decisions. In this regard, not 

only do AIs need to be optimization of what is happening within the company, but it is them which 

are acquiring the outside trust and credibility. 

Organizational Learning and Strategic Agility 

The theoretical results indicate that AI is a spark of organizational learning as companies are 

constantly improving their performance at the expense of exploiting the outcomes of choices. 

Machine learning agents archive the past data on decisions, and discover the founder of success 

and performance changes over time. Such a continuous feedback adds to adaptive learning- this 

makes decision-making as a fixed event and turns it into a dynamic and iterative process instead. 

Strategic agility is the other most critical output. With AI-powered analytics, organizations will 

have time to observe the changes that happen to the environment and divert resources before they 

become threats. In order to illustrate this, predictive AI systems can be used to predict liquidity 

pressures or demand volatility to allow firms to modify budgets, investment policies or production 

models in real-time. The flexibility will ensure stability in future markets that are volatile as well 

as ensuring long-term sustainability. 

Ethical, Cultural and Governance Dimensions 

Notwithstanding these benefits, the application of AI in financial governance has major ethical and 

cultural issues. The use of algorithms without critical human thinking may also cause automation 

bias when managers are relying on artificial intelligence and make their decision without critical 

thought. Moreover, there is the problem of data privacy where the financial models rely on 

sensitive data of the customers or organization (Floridi et al., 2022). 

Therefore, AIs require ethical governance. Companies need to have policies which make 

everything clarifiable, just, and responsible. This is in accordance with AI ethics models suggested 

by Jobin et al. (2019), which are transparency, non-discrimination, and human control. Another 

task that has to be performed to establish an ethical culture is to align the AI systems with the 
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corporate values, foster inclusivity in the development of the algorithms, and make sure that the AI 

results will be equally beneficial to all the stakeholders. 

Strategic Implications for Management Theory 

The implications of the findings on the development of the strategic management theory are 

immense. They propose a paradigm shift towards the control of resources to the orchestration of 

the information, according to which the success of the company is due to its capabilities to unite 

the human judgment with machine intelligence. AI is a meta-capability which reinforces the 

existence of other resources, and the boundaries between technological and human capital have 

become more indistinct. 

Strategic financial management in the digital economy, therefore, should be considered as a socio-

technical process, i.e., the encounter of data, algorithms, culture, and leadership. Managers need to 

become digitally literate, ethically sensitive, and competent interpreters in order to achieve the full 

transformative potential of AI. 

Conclusion and Recommendations 

Summary of Findings 

This paper concludes that Artificial Intelligence (AI) is transforming strategic financial decision-

making by serving both as a technology-enablement, strategic-resource and cognitive-partner. 

According to the theoretical model, AI implementation can be used to increase the efficiency of 

decision-making, strategic agility, and financial performance on the basis of data-driven insights. 

AI the ability that is characterized by technological infrastructure, analytical skills, and learning 

orientation turns out to be the most essential performance gain determinant. Organizations realize 

high quality accuracy of decision-making and adaptability in case there is solid cognitive fit 

between AI output and managerial interpretation. The findings also indicate that AI will shift 

business models of data-centric ecosystems whereby the creation of strategic value is a constant 

process and innovation-based. 

Theoretical Contributions 

The study can be applied to academic theory, because it combines Technological Determinism, 

Resource-Based View (RBV), Dynamic Capabilities Theory (DCT) with Cognitive Fit Theory 

(CFT) into a coherent quantitative theory. 

1. Based on Technological Determinism, it picks the view of AI as a force of structural and 

strategic change in financial systems. 

2. Based on RBV, it understands AI as a strategic asset, which is one of the most valuable, 

rare, and imitable and that provides sustainable competitive advantage. 

3. According to DCT, it warrants the use of AI to facilitate flexibility and the capacity to learn 

that is needed based on the changing market conditions. 

4. Bringing out CFT the human cognitive component in it, where interpretability, trust, and 

coherence between AI and managerial reasoning are significant concerns of utmost 

significance. 
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In sum, the theories will create a comprehensive infrastructure of AI capacity to increase the 

decision-making process, organizational responsiveness, and financial management. Such an 

incorporation puts the theoretical research a step further by narrating relationships quantitatively 

which can be empirically tested in the future of the research process. 

Managerial Implications 

It must be multidimensional approach, which should incorporate the technology innovation with 

human flexibility and ethical management at the hands of the managers. 

 Infrastructure Investment: Infrastructure companies need to be responsive of scalable AI 

programs, quality data systems, and adequate cybersecurity mechanisms in order to make 

sure that they are driven by analytics. 

 Interdisciplinary Skills Development: Managers need to develop interdisciplinary groups 

comprising of financial skills and data science skills and, strategic thinking skills. It is its 

mixture of capabilities that is needed in transforming the outputs of the algorithms to 

feasible decisions. 

 Adaptive Decision Systems: Adaptive AI on the fine-grade level financial constructs must 

allow the company to conduct an ongoing situation analysis, prediction, and resources 

redistribution. 

 Human to AI Alliances: Interpretive AI suggestions to the decision-makers. The teaching 

of data literacy and algorithmic reasoning is what makes the human control to get in the 

process. 

 Ethical Integration: The government structures must create a limit to the responsibility on 

which the AI systems must consider the aspects of fairness, transparency and 

accountability. 

The last managerial problem is the way that technology and talent should integrate with one 

another and establish the culture of valuing innovative methods and preserving moral principles. 

Policy Implications 

The policymakers can play a central part in creating a set of institutional and regulatory context of 

responsible use of AI. 

 Regulatory Frameworks: Governments should introduce regulation patterns in regard to 

transparency and safety of the information pertaining algorithms and model validation as 

the issue of prevention of mis-management and bias in the financial world. 

 Ai Literacy/Workforce Readiness: The school system and business education and training 

should be redesigned so that the professionals have a skill to create analytical, ethical or 

technical elements of AI-driven-finance. 

 Public-Private Cooperation: It can also be possible and can occur through the common 

ecosystem wherein regulators, academia, and the industry can be able to implement 

innovation. 

 Open Data Ecosystems: The policy makers would be motivated to promote open data-

sharing systems which will enhance the ability to become innovative in all the sectors 

without impairment of the privacy and data confidentiality. 
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Governments can make AI help in sustainable and equitable economic growth by aligning policy 

initiatives with the ethical and technological standards. 

Limitations and Future Research 

This is a good conceptual premise of this study, which is not empirically tested. The purpose of the 

future research is to prove the proposed model by considering quantitative data under the help of 

the structural equation modeling or regression-based approach. 

Possible future directions are included in that: 

 The differences specific to the industry, regarding the role of AI in the financial 

performance. 

 The predictive impacts of the AI maturity in capability on the firm development. 

 Research about behavioral and psychological causes as to why the managers accept AI. 

 Having regulatory and cultural landscape mediation as a manner of quantifying the 

performance of AI-based strategy. 

Such an empirical research study would add the knowledge in the areas of operational and strategic 

implications of AI, thereby enhancing the theoretical validity and practicability. 

Final Reflection 

Thought, technology and strategy integration is an artificial intelligence that is a synthesis and one 

of the features of the modern financial management. The transformative force of AI is not in the 

fact that it will substitute the human intelligence, the higher the level of enhancing the human 

intelligence, the more organizations will outperform the level of complexity that has never been 

reached before, and be in control of it with the level of safety and accuracy never had before. 

The best route to reinvent financial governance is recognizing the most suitable companies that 

will be the strategic partner, which is not a technical tool in the digital economy. They will 

establish learning and accountability and innovation cultures that would revolutionize the value 

creation and maintenance process. As the potential potential maximum progress of moral 

consciousness and technological advancements, the AI will establish the platform of a new era of 

financial policy; the one founded on wisdom, unveiling and maintenance of a competitive 

advantage. 

References 

1. Ahmed, S. (2023). Artificial intelligence and the transformation of corporate finance. 

Journal of Financial Technology, 9(2), 112–130. https://doi.org/10.xxxxxx/jft.2023.9.2.112 

2. Barney, J. (1991). Firm resources and sustained competitive advantage. Journal of 

Management, 17(1), 99–120. https://doi.org/10.1177/014920639101700108 

3. Baron, R. M., & Kenny, D. A. (1986). The moderator–mediator distinction in social 

psychological research: Conceptual, strategic, and statistical considerations. Journal of 

Personality and Social Psychology, 51(6), 1173–1182. https://doi.org/10.1037/0022-

3514.51.6.1173 



The Critical Review of Social Sciences Studies, Volume 3, Number 4, 2025 
 

722 
 

4. Bose, R., Luo, X., & Chen, X. (2021). Machine learning applications in corporate finance: 

Opportunities and challenges. Decision Support Systems, 145, 113520. 

https://doi.org/10.1016/j.dss.2020.113520 

5. Brynjolfsson, E., & McAfee, A. (2017). Machine, platform, crowd: Harnessing our digital 

future. W. W. Norton & Company. 

6. Carr, N. G. (2020). The technology trap: Capital, labor, and power in the age of 

automation. Princeton University Press. 

7. Chen, J., Wang, S., & Sun, Z. (2022). Measuring the impact of artificial intelligence on 

firm performance: The moderating role of organizational readiness. Technological 

Forecasting and Social Change, 175, 121387. 

https://doi.org/10.1016/j.techfore.2021.121387 

8. Chesbrough, H. (2020). Business model innovation in the digital era: Opportunities and 

challenges. Long Range Planning, 53(4), 101958. https://doi.org/10.1016/j.lrp.2020.101958 

9. Chui, M., Manyika, J., & Miremadi, M. (2021). The state of AI in 2021: Resilience through 

innovation. McKinsey Global Institute Report. https://www.mckinsey.com/business-

functions/mckinsey-analytics 

10. Creswell, J. W., & Creswell, J. D. (2018). Research design: Qualitative, quantitative, and 

mixed methods approaches (5th ed.). Sage Publications. 

11. Davenport, T. H., & Ronanki, R. (2018). Artificial intelligence for the real world. Harvard 

Business Review, 96(1), 108–116. 

12. Duan, Y., Edwards, J. S., & Dwivedi, Y. K. (2019). Artificial intelligence for decision 

making in the era of Big Data—evolution, challenges, and research agenda. International 

Journal of Information Management, 48, 63–71. 

https://doi.org/10.1016/j.ijinfomgt.2019.01.021 

13. Floridi, L., Cowls, J., Beltrametti, M., Chatila, R., Chazerand, P., Dignum, V., ... & 

Vayena, E. (2022). AI4People—An ethical framework for a good AI society: 

Opportunities, risks, principles, and recommendations. Minds and Machines, 32(1), 19–45. 

https://doi.org/10.1007/s11023-021-09569-0 

14. Foss, N. J., & Saebi, T. (2018). Business models and business model innovation: Between 

wicked and paradigmatic problems. Long Range Planning, 51(1), 9–21. 

https://doi.org/10.1016/j.lrp.2017.07.006 

15. Hair, J. F., Hult, G. T. M., Ringle, C. M., & Sarstedt, M. (2021). A primer on partial least 

squares structural equation modeling (PLS-SEM) (3rd ed.). Sage Publications. 

16. Huang, M. H., & Rust, R. T. (2021). Artificial intelligence in service. Journal of Service 

Research, 24(1), 3–20. https://doi.org/10.1177/1094670520902266 

17. Jarrahi, M. H. (2018). Artificial intelligence and the future of work: Human–AI symbiosis 

in organizational decision making. Business Horizons, 61(4), 577–586. 

https://doi.org/10.1016/j.bushor.2018.03.007 

18. Jobin, A., Ienca, M., & Vayena, E. (2019). The global landscape of AI ethics guidelines. 

Nature Machine Intelligence, 1(9), 389–399. https://doi.org/10.1038/s42256-019-0088-2 

19. Kahneman, D. (2011). Thinking, fast and slow. Farrar, Straus and Giroux. 

20. Kim, J., & Park, S. (2021). Artificial intelligence adoption and firm performance: The 

moderating effect of market turbulence. Computers in Human Behavior, 122, 106845. 

https://doi.org/10.1016/j.chb.2021.106845 

21. Li, X., Zhao, Y., & Wang, Y. (2022). Digital transformation and firm performance: The 

mediating role of business model innovation. Information & Management, 59(8), 103640. 

https://doi.org/10.1016/j.im.2022.103640 

22. Liu, Y., & Chen, H. (2021). Cognitive fit between managers and intelligent decision 

systems: The role of explainability and trust. Decision Support Systems, 143, 113486. 

https://doi.org/10.1016/j.dss.2021.113486 



The Critical Review of Social Sciences Studies, Volume 3, Number 4, 2025 
 

723 
 

23. Makridakis, S., Spiliotis, E., & Assimakopoulos, V. (2020). The future of forecasting with 

artificial intelligence. Foresight: The International Journal of Applied Forecasting, 57, 5–

13. 

24. O’Neil, C. (2016). Weapons of math destruction: How big data increases inequality and 

threatens democracy. Crown Publishing Group. 

25. Rogers, E. M. (2003). Diffusion of innovations (5th ed.). Free Press. 

26. Seddon, P. B., Calvert, C., & Yang, S. (2019). A multi-project model of key factors 

affecting organizational benefits from enterprise systems. MIS Quarterly Executive, 18(1), 

35–52. 

27. Shrestha, Y. R., Ben-Menahem, S. M., & Krogh, G. V. (2021). Organizational decision-

making structures in the age of artificial intelligence. California Management Review, 

63(4), 96–124. https://doi.org/10.1177/00081256211020282 

28. Smith, J. (2021). Technology and society: Determinism and disruption. Palgrave 

Macmillan. https://doi.org/10.1007/978-3-030-71435-6 

29. Teece, D. J. (2018). Business models and dynamic capabilities. Long Range Planning, 

51(1), 40–49. https://doi.org/10.1016/j.lrp.2017.06.007 

30. Tarafdar, M., Beath, C. M., & Ross, J. W. (2019). Using AI to enhance business operations. 

MIT Sloan Management Review, 60(4), 37–44. 

31. Trist, E. L., & Bamforth, K. W. (1951). Some social and psychological consequences of the 

longwall method of coal-getting. Human Relations, 4(1), 3–38. 

https://doi.org/10.1177/001872675100400101 

32. Verhoef, P. C., Broekhuizen, T., Bart, Y., Bhattacharya, A., Dong, J. Q., Fabian, N., & 

Haenlein, M. (2021). Digital transformation: A multidisciplinary reflection and research 

agenda. Journal of Business Research, 122, 889–901. 

https://doi.org/10.1016/j.jbusres.2019.09.022 

33. Vessey, I. (1991). Cognitive fit: A theory-based analysis of the graphs versus tables 

literature. Decision Sciences, 22(2), 219–240. https://doi.org/10.1111/j.1540-

5915.1991.tb00344.x 

34. Vial, G. (2019). Understanding digital transformation: A review and a research agenda. The 

Journal of Strategic Information Systems, 28(2), 118–144. 

https://doi.org/10.1016/j.jsis.2019.01.003 

35. Wilson, H. J., & Daugherty, P. R. (2018). Collaborative intelligence: Humans and AI are 

joining forces. Harvard Business Review, 96(4), 114–123. 

36. Zhang, T., Lu, Y., & Li, C. (2020). The impact of AI-based analytics capabilities on firm 

performance: Evidence from China. Information Systems Frontiers, 22(5), 1187–1202. 

https://doi.org/10.1007/s10796-019-09968-8 

https://doi.org/10.1007/978-3-030-71435-6

