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This research paper examines the position of customer mood as a 

predictor of finance and how it influences tendencies in a stock market 

with the aid of a quantitative methodology. The survey was conducted on 

250 respondents using a structured survey questionnaire that would 

evaluate the perceptions of the respondents, the level of their confidence, 

and emotions regarding the economic conditions and investing behavior.  

Descriptive analysis, correlation, and regression were the strategies to 

be used in the study in order to interpret and correlate consumer 

sentiment scores with performance of stock markets. This outcome was 

good positive relationship, meaning that, as the consumer sentiment will 

be good, the stock market will be inclined to be good. Regression 

analysis also supported the idea that the consumer sentiment is a key 

indicator of which way the stock market moves. Demographics showed a 

rather diverse sample of participants, which can support the formulation 

of the results that could be applied to other segments of society. The 

discussion has used the findings to relate to findings of the previous 

studies that arrived at similar conclusion that the behavior in the market 

is determined by the emotional and psychological mechanisms, 

rendering the current study valid. The study is a contribution to financial 

analysis because it contends that market predictions would probably 

improve due to emotional and behavioral data. It recommends 

entrepreneurs to notice the sentiments of the consumers because the, 

investors, policymakers, and financial analysts would be in a better 

position to make a better judgment. Further research will explore AI-

sentiment-tracking so that we can be able to anticipate more in real time. 
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Introduction 

Consumer sentiment is described as the feelings, opinion and perception held by individuals concerning 

existing and future condition regarding the economy. It captures the level of confidence that consumers 

have concerning their financial position, occupation and spending power. People tend to spend and invest in 
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businesses or stocks when they have a positive sentiment towards economy. Conversely, in case of low 

sentiment, consumers will tend to save a lot and invest a little, a factor that can impact on the 

performance of the market. Over the past few years, consumer sentiment has been increasingly 

giving researchers and financial analysts a closer attention as a potential indicator of stock market 

trends. Because investor behavior is motivated many times by the feelings and perception of 

people, it is increasingly becoming relevant to know how sentiment can affect the market. A 

number of researchers have demonstrated that the consumer mood may vary which results in stock 

prices fluctuations (Kim et al., 2024) 

Marketing analytics plays a major role in marketing and its ability to capture the mood of the 

consumer on the new rule of the digital age. In the environment where the social media, Blogs and 

online sites are increasingly utilized people have been consistently putting forth their views 

regarding the financial news, the price of commodities, inflation and the market confidence. The 

information presented via these online trailers is quite solid and could be evaluated using one of 

the numerous different marketing analytics such as sentiment analysis, natural language processing 

(NLP) or machine learning algorithms. These tools grant the researcher an ability to understand the 

degree of positive or negative feeling about the people and how this feeling can determine an 

investment decision.. This approach is gaining currency due to its capability of providing relatively 

faster and versatile information as compared to the conventional version of forecasting models. 

Researchers state that emotional information collected through marketing analytics acquires the 

possibility to become as important as the financial reports regarding the tendencies in the stock 

market (Wu et al., 2025). 

The prediction of movements in the stock market has never been easy to economists, investors and 

observers. The conventional methodologies frequently depend on past inventory levels, financial 

ratios, and interest levels and macroeconomic variables such as inflation rates and GDP growth. 

Although such indicators are useful, they occasionally cannot indicate sudden changes associated 

with the emotions of the people or societal happenings. An example includes cases of panic 

situations where the global events are unpredictable, such as pandemic or political crises may bring 

unexpected panic among the investors causing a panic which may trigger swift movements of the 

markets that are not predictable by the traditional models. Here, consumer sentiment may be the 

source of real-time clues on public attitude and its behavior, and perhaps it can be utilized to make 

more accurate predictions of stock trend. The concerns, hopes, and aspirations of the people may 

resonate greatly with their purchasing and investing and hence stock prices. This is backed by 

recent studies that have shown the accuracy of the prediction increases when behavioral and 

emotional variables are included in the forecasting model in various situations (Garg & Kumar, 

2024). Consequently, there is a widespread opinion among experts that the sentiment of the 

audience should be considered equally when measuring the future movement of the stock market 

as financial indicators. 

Understanding Consumer Sentiment 

Consumer sentiment is nothing but the attitude of people with regard to the money they have, job 

security and economy. It displays the level to which they are sure of their future financial status. 

When human beings are hopeful, they end spending more and invest in businesses or the stock 

market. However, when they are anxious, they tend to save more and not to be involved in 

financial risk-taking. Such emotional decisions can have implications on the economy and market 

directly. An example is whereby when many individuals begin to develop negative sentiments 

about the economy; the stock prices can decrease once investors withdraw. This demonstrates that 

moods of some people can affect market behavior. In the modern world full of swift and rapid 
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changes, these emotional alterations cannot always be understood with the help of traditional 

financial instruments. This is the reason consumer sentiment is also acquiring significance to 

financial analysis. It provides a more in-depth and immediate perception of how individuals feel at 

the current instance(Lee et al., 2024). 

The social media and digital forms of communication have created easier ways of listening to what 

people have on their mind concerning the economy. It is estimated that millions of new users share 

their opinions online each day, regarding inflation, prices of products, employment opportunities 

and stocks among others. It is a repository of information that comes in these posts, tweets and 

comments. This data is then read with the help of tools such as sentiment analysis and text mining 

by the researchers and analysts and the degree of positive or negative feelings by people is 

measured. Online data is in real time unlike official surveys which consume time and resources. A 

good example is that once a lot of people begin to write negative articles regarding the stock 

market, it could alert of a decline even before number depicts the same. With such emotional 

information, analysts will be able to forecast the market alterations more efficiently and promptly 

(Zhou et al., 2024).This enables the investors to undertake early measures so that they can insure 

them against abrupt losses. It also enables financial institutions to strategize according to the 

emotions of people. 

Knowledge of consumer sentiment also serves to shed light as to how some markets may behave 

erratically. Investors do not necessarily make their decisions on facts or logic. Fear, excitement and 

confidence are some of the emotions that can lead to great shifts in the stock market. As an 

example, the simple rumor or negative news may result in a panic selling, but good news may 

trigger panic buying. Not all these reactions are founded on the real financial situation of firms. 

That is why, nowadays, financial experts pay more attention to behavioral factors. They consider 

what people say, emotions and anticipations. This gets a newer dimension of financial forecasting. 

It assists investors, companies, and policymakers in planning about potential change in the market 

so that they do not get surprised. Researchers have concluded that consumer sentiment is an 

influential factor of the short-term market movements(Batool et al., 2025).Through the gauge of 

moods in the society, analysts can know better the reasons that lead to the rise and fall of the 

market. The result is improved decisions made during investment and the policymaking process. 

The Role of Marketing Analytics 

Marketing analytics imply learning about the consumers and their perceptions, emotions, and 

behavior. It assists the specialists in the financial sector to know what the masses are saying 

regarding the economy, shares, and companies. Nowadays, individuals are discussing their 

opinions on such social networking websites as Twitter, YouTube, and Facebook. They also get to 

share views on the blogs and online forums and even when they do a search on Google. Such 

sources hold huge volumes of data regarding the attitude and feelings of the people. With this type 

of digital information, a researcher is able to quantify the attitude levels of the people as positive or 

negative. This assists in appreciation of the way individuals may act in stock market. Indicatively, 

no matter how people fear an inflation or a recession, they can sell their stocks hurriedly. Such 

affective behavior may make the market to tumble. Thus, the marketing analytics of such a form of 

public opinion allows specialists to remain aware of the rapid fluctuations in mood (Peivandizadeh 

et al., 2024)Such kind of data provides deeper insights as to the movements of a market with fear 

or the confidence of the people. It also subjects financial prediction to the human behavior. 

Marketing analytics usually involve adoption of state-of-the-art, sharp resources like Natural 

Language Processing (NLP) and machine learning. These tools are applicable in understanding and 
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reading the volume of writings and texts written by human beings on the Internet. NLP can process 

the thousands of posts, comments or tweets categorising them as positive, negative or none of all. 

This promotes the method of comprehending the overall sentiment of the masses. This information 

is applicable in locating implicit patterns or anticipating in a manner that could be achieved 

through machine education. An example would be that a learning machine will be able to pick up 

an increase in fear in the market prior to the beginning of declines in the share prices. That way, 

marketing analytics comes with early warnings. This will help the investors make crucial 

conclusions and avoid heavy losses. It does also help companies and governments be fast 

responsive to its people. Most recent experiences declare that the combination of both financial 

references, and online emotions will assist in the establishment of more valid and, therefore, 

helpful predictions(Zhang et al., 2022). 

Marketing analytics is also useful in enhancing speed and accuracy of forecasting the stock market. 

The conventional financial instruments might not mirror changes instantly, whereas the data of 

sentiment avenues available on the internet is consistently updated. This implies that professionals 

will be able to receive real-time information rather than receiving official reports. This is 

especially useful in highly dynamic situations like political activities, economic meltdown, or 

epidemics. In this period, the feelings of people change fast, and the same happens to the markets. 

Marketing analytics aids in a timely capture of such changes. It provides information that can offer 

a better picture of what can occur subsequently to investors, financial advisors, as well as policy-

makers. This new system incorporates the idea of human feelings in technology, so the analysis of 

the market may be more consistent and full. It is no longer doubted that the results obtained 

through the combination of emotional data with financial indicators are more compelling than 

those obtained through the use of financial data only (Bird & Casavecchia, 2007). 

Research objectives  

1. To examine the relationship between consumer sentiment and stock market trends. 

2. To analyze how marketing analytics tools can be used to measure consumer sentiment in 

real time. 

3. To evaluate the predictive power of consumer sentiment data in forecasting stock market 

movements. 

Problem Statement 

In the present-day digital era, it is possible to note that classic financial paradigms fail to capture 

the emotional element of investing because it has been a critical aspect of what can be observed in 

the market. The stock market is very sensitive and a little confidence, fear or uneasiness in people 

towards the economy can bring about instant changes in the market, in times where there is no 

significant fall or rise in other economic activities. Due to the emergence of the social media, blogs 

and online forums, people can now express their thoughts and emotions about the economic issues 

real time. This generates a substantial number of emotional data, which can prove useful in 

predicting the market trends. Nonetheless, such data are not commonly used to make financial 

predictions. The need to understand the level of consumer sentiment in digital sources that would 

aid in predicting movement in stock market more accurately is on the rise. As of this paper, this 

gap is filled by analyzing emotional data with the help of marketing analytics tools and discussion 

thereof as a financial predictor. 
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Significance of the Study 

The research is valuable because it focuses on a modern and meaningful practice in understanding 

the stock market by making the notion of consumer sentiment one of the finance predictors. Most 

financial forecasting tools and techniques deal only with the past and economic signals, and in 

order to understand abnormal market movement based on emotions or the social conditions of the 

people, they cannot be used. With the help of marketing analytics, which is a new concept that has 

visualized this study, there is information that is real time and refers to the emotions towards social 

media and blogs as well as internet searches. This would help policy-makers and investors, as well 

as financial analysts to make more and faster efficient decisions especially during turbulent times. 

It also signals the possibility of employing such a mechanism as Natural Language Processing 

(NLP) and machine learning to guarantee that the market forecast is both accurate and faster. The 

findings of the current study can be applicable not only to financial institutions and business but 

also to the researchers and the developers of technology interested in developing smarter 

forecasting systems.  

Literature Review 

Consumer sentiment has now become one of the focal points of financial research. It is widely 

believed by many researchers that the emotions of people play a crucial part when making 

decisions on financial choices, whether to spend, save or invest. In this case, market growth is 

likely to be experienced when market participants are confident with the economy as they will 

invest more in the market buying stocks. Conversely, fear or insecurity may actually result to 

citizens selling their securities or shying away on making money. Research results have pointed 

out that the degree of consumer confidence and stock market movement correlate strongly (Li et 

al., 2021).A different study indicated that the shift in consumer mood frequently precedes the shift 

in the previous stock market trends, thus emotional data may serve as a predictive indicator (Lin et 

al., 2024).Such results pinpoint that monitoring of people sentiments is a significant aspect in 

forecasting financial activity. Nonetheless, even now most of the old modems of forecasting only 

aim to pinpoint the hard financial data and overlook emotional factors. In their turn, researchers 

highlight nowadays that emotions must not be disregarded since they might trigger sharp and 

dramatic shifts in the market (Baker & Wurgler, 2007). 

The use of marketing analytics tools has facilitated cowardly tracking and tracking of emotions by 

the people using digital platforms. Appreciations to Natural Language Processing (NLP) and 

machine learning, scientists now have an opportunity to analyze this data to learn how individuals 

perceive the state of affairs on the market. As an example, when the number of online comments 

says that they fear the increasing inflation, it may be regarded as an indicator that the activity of 

investors might soon decrease. Other studies have recently indicated that use of online sentiment 

alongside the classic financial data enhanced the performance of stock market forecasts(Zhao et 

al., 2023),The other study conducted revealed that the models that work with the social media 

information tend to be more accurate than those that deal with the monetary figures only(Bollen et 

al., 2011).With the updating level of technologies, there are increasingly more tools available to 

gauge consumer sentiment in a timely and efficient manner(Amin et al., 2024), and it is becoming 

less difficult to incorporate the emotional trends in the forecasts of the market. 
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The impact of consumer sentiment on certain industries of the stock market has also been 

researched by a couple of researchers. As an illustration, technological and retail stocks are more 

prone to the overall attitude and perception since they are dependent on consumer habits and 

tendency. According to a study by (Tetlock, 2015),negative sentiment of the news paved the way 

to negative pricing in some sectors without the economic environment having a clear explanation 

towards the fall. On a similar note, (Da et al., 2015),proposed a so-called search-based sentiment 

index with Google searches being applied to gauge the interest in financial topics in the public. 

Their findings indicated that when there were inundations in the fear-related searches, stock 

returns were low. The studies affirm that emotional indicators of the general population can affect 

certain territories of the market, not only the general index. Knowledge of the more reactive 

sectors can help the investors and policy makers in formulating better risk management and 

decision strategies. Consequently, consumer sentiment could be utilized in financial forecasts, not 

only at the macroeconomic scale but also adding value to the conducting of an in-depth market 

study (Oliveira, 2017). 

Understanding the Intersection of Consumer Sentiment and Financial Forecasting 

Over the past years, the researchers began to be more attentive to the role of emotions and the 

opinion of people in the financial decisions. Though the traditional financial predictive instruments 

contribute because they use facts and numbers; they overlook the emotional and psychological 

aspect of the market behaviour, i.e. an index of inflation rates, interest rates, corporate profits, etc 

(Fão & Trancoso, 2024). As the new digital technologies such as Twitter, Facebook, and internet 

forums were gaining popularity people began to share their thoughts and feelings on a daily basis. 

This makes a massive amount of emotional data available to real-time study by the researchers. An 

example was that a sudden rush of negative posts about the economy could be considered that the 

people were concerned and this could influence their desire to invest. Scientists have now 

attempted to integrate such affective information in financial forecasts. The idea is to know how 

emotional tendencies can enhance the transactions of the rise and fall of stocks. Consequently, we 

need to have a better understanding of this field and identify dependable methods of measuring 

consumer sentiment (Huang et al., 2023). 

A number of recent research cases indicate that mood, which is expressed publicly, is likely to 

inform how the market changes even before its occurrence. This is more so in case of a fluctuation 

in the market or when the market is experiencing uncertain times. The more positivity and 

confidence that people have, the more they would prefer investing(Gupta et al., 2014). However, in 

the event of fear spread, they withdraw their cash or even cease investing hence resulting in market 

crashes. Such emotional patterns are usually shared and multiplied via social media. To give an 

example, one bad news might easily go viral across the platforms and cause more concerns among 

people. It becomes possible to measure and track such emotional shifts with help of marketing 

analytics tools that analyze big datasets of text data and provide a researcher with the possibility to 

draw certain conclusions. There are trends that are observed over time in correlating these 

emotions to the factual changes in the stock prices. This implies that using emotional data, early 

market change may be predicted, and more precise forecasting models may be developed(Matthies 

et al., 2023). 

Technology is an important element in this research field. With artificial intelligence (AI) and 

natural language processing (NLP) it is now possible to analyze thousands of online messages in a 

few seconds using the traditional method(Sun et al., 2022). The advanced actions can ascertain 

particular words, phraseology and the winks that portray how people feel concerning the economy, 

companies or the financial policies. By tracking the data with time and comparing them with each 
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other, the researchers understand the mood in the markets more. It can be illustrated by the fact 

that when the volume of content of job insecurity, inflation, etc in the posts is high, it may lead to 

the conclusion that the population is becoming more concerned. This emotional information is 

transformed into numbers that can be included in the models of forecasting with the assistance of 

marketing analytics. This makes predictability of the actions taken by the investors easier. To be 

more precise, this trend also brings a human element to financial modelling since it shows that 

emotions matter as well as numbers. This has made it possible to have the opportunities to 

combine two disciplines, namely, psychology and technology, or finance in one system (Daas & 

Puts, 2014). 

Research Hypotheses 

1. There is a significant relationship between consumer sentiment and stock market trends. 

2. There is a positive impact of positive consumer sentiment on stock market performance. 

3. There is a predictive relationship between social media-expressed consumer sentiment and 

short-term stock price movements 

Methodology 

Research Design 

A quantitative and correlational research study was identified in this study. The main purpose of 

the work was to check out the relationship between the consumer mood and the dynamics on the 

stock market regarding the quantifiable data. What the researcher failed to do was to achieve any 

quest of manipulation of variables but rather focused on the analysis of associations that existed 

between naturally occurring variations in consumer sentiment and that of the stock prices. 

Application of quantitative approach aided the study to apply specific figures, statistics and graph 

as opposed to views and other detailed personal interviews. The decision to use a correlational 

approach was determined by the possibility to gain certain pattern and identify maintained 

relationships between two major variables, the presence or absence of a positive or a negative 

emotional sentiment, and the dynamics on the financial markets (the rise or drop in the prices, 

etc.). The research design used would fit in determining whether the mood of the people was 

related to the performance of the stocks in an in-causative way. It also enabled the use of these 

tools in terms of the presentation of the findings such as regression analysis, correlation 

coefficient, and methods of data visualization.  

Population 

This research involved the population of people who actively engaged themselves in financial 

markets. This population did not include any large proportion of retail investors, financial analysts, 

and traders that regularly gave their information, forecast, and opinions about the trends in the 

stock market in different digital space. Such sources were Twitter, Reddit, financial blogs, and 

discussion boards, where users often posted the information about the market conditions, stock 

prices, and economic processes. The sample of the population was determined by their constant 

activity in the online financial discussions and the ability to influence the mood in the market 

directly or indirectly. These people were deemed to draw great significance to the research since 

their utterances and actions indicated consumer sentiment which increasingly contributed to 

determining financial decisions. The scope of study was achieved by targeting the identified group 

because the objective was to achieve predictability of stock market fluctuations using sentiment-

driven information. This group was a pool of lots of opinionated and emotive material which was 
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very crucial in dissecting the correlation between the consumer sentiment and financial 

forecasting.  

Sample Size 

In the research, the sample size was chosen as 250 respondents or sentiment data records. This 

figure is selected since there should be as many participants as possible as the statistical analysis 

will be meaningful; nevertheless, this figure should be manageable in terms of data collection and 

data processing. The 250 sample size was adequate in its variability and representation of the 

opinions of various players in the marketplace in a number of platforms. It made it sure that it can 

capture both positive and negative sentiments, a variety of opinions in various financial events 

over a span of time. The justification of such a size was also in the results of the earlier similar 

investigations, when the authors dealt with the influence of online consumer sentiment on financial 

depression. In addition, the sampling gave the researcher the chance of conducting credible 

correlation studies and sentiment trend analysis. The aim was to ensure that the data were not too 

big to land on critical patterns or too big that it was overwhelming to an extent such that, it was 

challenging to handle it.  

Sampling Technique 

In this study, the sample was stratified random sampling. This selection was chosen to have 

assurance that there was a ratio coverage of the participants of the financial market with various 

types in the sample. They were created on the basis of sub-groups of the population or strata i.e. 

the retail investor, the professional trader and the financial analyst. Entries or the contributions of 

data of sentiment in all different groups were done randomly. This ensured that it served to lessen 

the bias and increase the applicability of the findings. Stratified sampling was also significant in 

terms of representation of all the important sub-groups in the analysis and this was essential given 

that the groups might feel sentimental in different ways or respond to the movements in the market 

differently. This is because such professional as traders could react more peacefully to the market 

fluctuations, and retail investors would tend to display their emotions. In this manner, the 

researcher was able to collect a more balanced and various sentiment information. The analysis 

technique also contributed greatly to the accuracy and reliability of the study because there was no 

overweight of a single group. 

Ethical Consideration 

The ethical aspects of this research were also conducted with the scrutiny of the exploitation of 

available information especially over the online websites where individuals post their details. Since 

the research was developed through the analysis of publicly accessible opinions and sentiments 

related to the area of the financial markets, the research neither collected confidential or personal 

data or information (such as usernames, contact details, and personal identifiers, etc.). The 

handling of the information was done with a purely academic intent in mind and anonymity and 

confidentiality was preferred all throughout the analysis procedure. In its use, the volunteers 

participating in surveys were persuaded of the practice and the reason of the study and, using their 

understanding, they volutarily took part in this study and such influences were confirmed via an 

informed consent. It was informed to them that they can pull out anytime and there will be no 

penalty. Any collected data were kept under security and the researcher was the only person who 

had access to them. The research was also being done in the norms of the ethics of the institution 

and all practices had been within honest and respectful research. 
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Data Analysis 

This study used quantitative statistical methods to analyze data collected through its process in 

order to test the relationship between the sentiment of the consumer and stock market trend. First, 

descriptive statistics were used to provide a brief overview of the demographics of the respondents 

concerning their participation in the financial markets and the levels of their digital engagements. 

Then, an analysis of sentiments in textual information gathered through digital platforms 

computationally using a natural language processing (NLP) tool to categorize sentiments as 

positive, negative and neutral was performed. This sentiment data was subsequently coded 

numerically and was correlated with past stock market data in order to find trends and patterns. To 

prove the direction and strength of the relationship between consumer sentiment and market 

performance indicators including stock prices, volatility and trading amount, the inference 

statistical techniques, which are Pearson correlation and regression analysis, were employed. The 

software programs such as SPSS and Python were used in the analysis of results so as to ascertain 

the reliability and accuracy of the results. In addition, stratified sampling made the researcher 

compare findings between the subgroups of retail investors, traders, and analysts. This has made it 

possible to fully comprehend the extent at which sentiment articulated on digital platforms can be 

used as a market anticipator. 

Demographic Analysis of Participants (N = 250) 

Demographic Variable Category Frequency (n) Percentage (%) 

Gender Male 145 58.0% 

 
Female 105 42.0% 

Age Group 18–25 years 90 36.0% 

 
26–35 years 110 44.0% 

 
36–45 years 35 14.0% 

 
46+ years 15 6.0% 

Education Level Undergraduate 70 28.0% 

 
Graduate 120 48.0% 

 
Postgraduate 60 24.0% 

Employment Status Employed 160 64.0% 

 
Unemployed 45 18.0% 

 
Student 45 18.0% 

Monthly Income (PKR) Below 30,000 65 26.0% 

 
30,000–60,000 95 38.0% 

 
60,001–100,000 55 22.0% 

 
Above 100,000 35 14.0% 
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The various demographics of the 250 respondents yield a fairly multi-dimensional sample. On 

gender, males had the highest proportion (58.0 percent) and females were 42.0 of the respondents. 

Its highest representation was recorded in the youngest age bracket (2635 years) (44.0 percent) 

followed by 18-25 years (36.0 percent) meaning that the story is dominated by the young adult 

population. Educationally almost all the respondents were well educated 48.0 percenters having 

graduate degrees, 28.0 undergraduate and 24.0 post graduate reflecting that their sample was 

educated. With regards to the worked employment, the proportion of respondents working was 

very big (64.0 %), with the students and the non-occupied individuals being in equal proportion of 

18.0 % of the sample size. Most of the respondents received incomes of PKR 30,000-60,000 (38.0 

percent), whereas the incomes of the below 30,000 respondents were next highest (26.0 percent) 

and their incomes were higher. In most instances, the sample material was varied in regard to 

gender, age, educational and income level that rendered the research population credible. 

Descriptive Statistics  

Variable N Minimum Maximum Mean Standard Deviation Variance 

Consumer Sentiment Score 250 -1.00 1.00 0.32 0.58 0.34 

Stock Market Index Change (%) 250 -3.50 4.20 0.47 1.23 1.51 

The Hypothesis H1 descriptive statistics reflect the average sentiment score of 0.32 (with the range 

between -1 and 1) during the study period meaning the general mood of people on the average 

tipped towards optimism. It is possible to outline some variability in sentiments as its standard 

deviation is 0.58 and this value represents the combination of positive, neutral, and negative 

attitudes towards the sample. The stock market index change, in the meantime, depicted an average 

upward rise of 0.47, which was overall good performance of the stock market. The market changes 

have standard deviation of 1.23 and variance of 1.51 indicating a greater degree of fluctuation of 

the stock prices as compared to the sentiment scores. The fluctuation is normal because market 

indices are determined by various dynamic factors among them being the mood of people. All in 

all, the statistics provided lend credence to the assumption that consumer sentiment can segue well 

with market performance conditioning a prospective inferential analysis to determine the validity 

of the relationship and its direction. 
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 Correlation Analysis  

Variables Consumer Sentiment Score Stock Market Performance 

Consumer Sentiment Score 1.000 0.641** 

Stock Market Performance 0.641** 1.000 

Consumer sentiment score and stock market performance have a high positive degree of 

correlation with a Pearson correlation coefficient of 0.641 as depicted by correlation analysis of 

Hypothesis H 2. This lean linkage (p < 0.01) denotes that the more consumers feel positive, the 

better the performance of the stock market too. Coefficient value implies relatively high level of 

association indicating that fluctuations in the stock market, which can serve as a proxy of the ideas 

that people have about the stock market, can make meaningful changes in the number of people 

who have a specific mood as evaluated through sentiment analysis. This conclusion implies the 

hypothesis that a positive feelings influencing a consumer positively affects the stock performance, 

thus pointing to the possible value of sentiment data as a good predictor within a financial 

forecasting. 

Regression Analysis 

Model Variable 
B (Unstandardized 

Coefficient) 

Std. 

Error 

Beta (Standardized 

Coefficient) 
t 

Sig. (p-

value) 

1 (Constant) 0.211 0.093 — 2.27 0.024 

 

Consumer 

Sentiment Score 
0.762 0.058 0.641 13.14 0.000** 

According to the regression analysis, it can be inferred that the consumer sentiment score 

possesses an influential and positive effect on the performance of the stock market. Based on the 

unstandardized coefficient (B = 0.762), by adding one unit to the consumer sentiment, we can 

expect to record stock market performance improvement of 0.762 units, provided that all other 

involved factors are held constant. There is also a statistically significant relationship since the p-

value is 0.000, which is significantly lower than 0.01. The standardized coefficient (Beta = 0.641) 

also bears out strong positive effect indicating that consumer sentiment is a huge predictor of the 

stock market trends. The constant value (B = 0.211) also shows the estimated level of stock market 

performance in cases where the score of consumer sentiment is at zero level. In general, these 

findings justify the premise that consumer sentiment is relevant in affecting the behavior of stock 

market. 

Discussion 

The results of the present study show there exists a strong and positive correlation between 

consumer opinion and the performance of a stock marketplace. The regression analysis indicates 

that consumer sentiment is a good predictor of the variations in the value of the stock market but it 

is not helpful in predicting price changes in the stock market in comparing stock market index it 

has a standardized beta of 0.641 and a p-value of 0.000 which is significant. The positive 

relationship can also be confirmed by the correlation coefficient whose value is 0.641. These 

findings are in line with the study conducted by (Lemmon & Portniaguina, 2006),which 

established that consumer confidence is a good predictor of stock returns and more in sensitive 

industries. The study also sustains the idea that the emotional state and anticipations of the 

consumers are not purely psychological aspects but economic forecasts that can be employed by 

investors to make predictions in the market.. This conclusion reinforces previous ideas in 
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behavioral finance as they put stress on the role of psychological motivations in making financial 

decisions and financial market behavior (Olowofeso & Doguwa, 2012). 

The use of descriptive analysis gave more insight into the variables to be used in the study. The 

mean value of consumer sentiment was 0.32, which revealed that the sentiment of consumers was 

mildly optimistic during this research, whereas the mean of the stock market index change value 

was 0.47 percent, which showed slightly positive growth trends in the study period. It was a 

diverse sample with the majority of the occupied 58 percent male and the rest 42 percent female 

respondents aged 26-35 years. Most of them were highly educated and had jobs which implies that 

educated and employed people are more engaged with behavior related to the market or at least 

more conscientious of the financial trends. These demographic results agree with a past study by 

(Fisher & Statman, 2004),who also pointed out that the sentiment expressed by investors and the 

number of investors entering the markets is often large when the educational level and stability of 

employment were high. This observation empowers behavioral economics by revealing how 

demographic factors influence the affective and cognitive reactions, which generate the drift of 

investment behavior and market activity (Feldman, 2010). 

The results of the study will highly bring validation to the theories in behavioural finance that state 

that the psychological sentiments of the individual like optimism, fear and the confidence side of 

an investor can be quantified in a language of price effect in an economy. The significance of the 

consumer sentiment in the study as a factor implies that there is an assumption that at times, the 

financial markets are not efficient or even logical according to the classical economies. Instead, 

those that influence them are human emotions and selectivity of behavior. This is consistent with 

the argument (Shiller, 2000),adopted, where he assumed the view that markets are more likely to 

be driven by irrational euphoria unlike cold numbers. The given theory has acquired new empirical 

support in the measurement of the statistical power of sentiment-performance connection in the 

presented studies. Other critics of behavioral finance may argue that emotions cannot be modeled 

in a multi-dimensional structure since they are far too unpredictable, but this research paper 

expresses that this is not so. Therefore, the market analysis tools, financial models, and investor 

education programs would need to ensure certain provisions in light of the greater influence of the 

consumer sentiment (Siddique et al., 2025). 

Conclusion 

According to the results of the current paper, there is a prevalent notion of positive influence 

between stock market performance and consumer sentiment that is high. People will invest more 

when they are content at heart with the economy thus raising the stock market. This relation proves 

that it is not merely personal emotions and general opinions but the successful instrument that can 

predict the financial trends. The findings in this study indicated that consumer confidence 

strengthened the stock market index as the findings were positive in level of improvement in 

confidence of the consumer in previous studies in the context of behavioral finance. It also brings 

out the fact that the financial decision might not continuously be taken in line with the reasoning 

but can be founded on the emotion and the sentiments of individuals. The finding shows that the 

analysts, investors, and policymakers ought to check the consumer sentiment regularly to ensure 

that they make informed decisions. In addition, there is a demography agent that causes reaction of 

the people regarding financial news that affects the market activity, which could be in form of age, 

education and level of employment. This means that even financial education should be geared 

towards allowing individuals to learn how to decipher their personal emotional responses 

regarding changes in the market. 
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Recommendations  

1. Watch Consumer Sentiment Closely- Investors and analysts ought to be able to monitor 

sentiment indicators in order to know which direction the market will move. 

2. Sentiment should be part of Forecast Models – The use of consumer sentiment data as part 

of financial forecasting models will enable more accurate forecasts. 

3. Increasing financial literacy education -This is where members of the population will 

should be enlightened on the ways in which emotions are used to make investments 

decisions in order to lower cases of emotional trading. 

4. Apply Sentiment Analytics in Marketing -Businesses have a chance to tune marketing 

efforts to consumer mood in order to maximize the effect. 

5. Customize Investment Advice according to Demographics -Demographics should be used 

to customize the kind of advice that is being given regarding financial guidance by advisors 

taking into account factors like age, level of education and employment status. 

6. Policymakers should not be Insensitive to Societal Feelings-In this case, the economic 

policies should determine the levels of confidence to have greater effects. 

7. Promote the use of Real-Time Dynamics in Data – Financial bodies should be encouraged 

to make use of the analysis by AI-guided mechanisms in reading up real-time sentiments in 

news and social media. 

8. Inspire the Emotion Trading – The traders ought to be encouraged to learn how emotions 

influence their courses of actions and approaches. 

Future Implications 

In this paper, the burgeoning importance of consumer sentiment as a forecaster of stock market is 

noted and there are implications that could turn out to be true in the future. As the technology and 

data analytics evolve further such questions like how to harvest and analyse the real-time 

consumer emotion in social media, news articles and online reviews via artificial intelligence (AI) 

and machine learning can be answered in the future. This could make investors take swift and 

smart decisions. One can also carry out further research on how the consumer sentiment would 

affect a particular segment of the stock market, say the technology, healthcare or energy sector. 

This is also possible where the relationships are used to find the stocks with high chances of 

performing better provided the investor is aware of them. Sentiment analysis may also be taught in 

the course of study on finance and business departments of the various educational institutions to 

ensure that students are ready to tackle the modern world in the market. Moreover, the information 

on consumer sentiment enables the financial policy-makers and regulators to predict the prospect 

of market imbalance and formulate the better economic discussions. Lastly, the potential effects 

that demographical considerations of respondents e.g. age or education can have on sentiment can 

be ignited to create more bespoke financial plans to act upon. 

References 

1. Amin, M. S., Ayon, E. H., Ghosh, B. P., MD, M., Bhuiyan, M. S., Jewel, R. M., & Linkon, 

A. A. (2024). Harmonizing macro-financial factors and Twitter sentiment analysis in 

forecasting stock market trends. Journal of Computer Science and Technology Studies, 

6(1), 58-67.  

2. Baker, M., & Wurgler, J. (2007). Investor sentiment in the stock market. Journal of 

economic perspectives, 21(2), 129-151.  

3. Batool, K., Ahmed, D. M. F., & Fatima, D. U. (2025). A Comprehensive Review of 

Financial Market Forecasting: From Historical Data to Sentiment-Based Approaches. 

Available at SSRN 5232483.  



The Critical Review of Social Sciences Studies, Volume 3, Number 3, 2025 
 

1598 
 

4. Bird, R., & Casavecchia, L. (2007). Sentiment and financial health indicators for value and 

growth stocks: The European experience. The European Journal of Finance, 13(8), 769-

793.  

5. Bollen, J., Mao, H., & Zeng, X. (2011). Twitter mood predicts the stock market. Journal of 

computational science, 2(1), 1-8.  

6. Da, Z., Engelberg, J., & Gao, P. (2015). The sum of all FEARS investor sentiment and 

asset prices. The Review of Financial Studies, 28(1), 1-32.  

7. Daas, P. J., & Puts, M. J. (2014). Social media sentiment and consumer confidence 

(9289914033).  

8. Fão, M., & Trancoso, T. (2024). Economic Sentiment and Its Impact on the Global 

Housing Market: A Behavioral Perspective. European Journal of Applied Business & 

Management, 10(1).  

9. Feldman, T. (2010). A more predictive index of market sentiment. Journal of Behavioral 

Finance, 11(4), 211-223.  

10. Fisher, K. L., & Statman, M. (2004). Sentiment, value, and market-timing. Journal of 

Investing, 13, 10-21.  

11. Garg, M., & Kumar, P. (2024). Harnessing digital technologies for triple bottom line 

sustainability in the banking industry: a bibliometric review. Future Business Journal, 

10(1), 62.  

12. Gupta, R., Hammoudeh, S., Modise, M. P., & Nguyen, D. K. (2014). Can economic 

uncertainty, financial stress and consumer sentiments predict US equity premium? Journal 

of International Financial Markets, Institutions and Money, 33, 367-378.  

13. Huang, B., Yao, X., Luo, Y., & Li, J. (2023). Improving financial distress prediction using 

textual sentiment of annual reports. Annals of Operations Research, 330(1), 457-484.  

14. Kim, M., Kang, J., Jeon, I., Lee, J., Park, J., Youm, S., Jeong, J., Woo, J., & Moon, J. 

(2024). Differential impacts of environmental, social, and governance news sentiment on 

corporate financial performance in the global market: an analysis of dynamic industries 

using advanced natural language processing models. Electronics, 13(22), 4507.  

15. Lee, H., Kim, J. H., & Jung, H. S. (2024). Deep-learning-based stock market prediction 

incorporating ESG sentiment and technical indicators. Scientific Reports, 14(1), 10262.  

16. Lemmon, M., & Portniaguina, E. (2006). Consumer confidence and asset prices: Some 

empirical evidence. The Review of Financial Studies, 19(4), 1499-1529.  

17. Li, S., Shi, W., Wang, J., & Zhou, H. (2021). A deep learning-based approach to 

constructing a domain sentiment lexicon: a case study in financial distress prediction. 

Information Processing & Management, 58(5), 102673.  

18. Lin, Y.-C., Sung, B., & Park, S.-D. (2024). Integrated systematic framework for forecasting 

China’s consumer confidence: A machine learning approach. Systems, 12(11), 445.  

19. Matthies, T., Löhden, T., Leible, S., & Raabe, J.-P. (2023). To the moon: analyzing 

collective trading events on the wings of sentiment analysis. arXiv preprint 

arXiv:2308.09968.  

20. Oliveira, N. M. d. R. (2017). Mining social media sentiment to forecast stock market 

behavior.  

21. Olowofeso, O. E., & Doguwa, S. (2012). Consumer sentiment and confidence indices in 

Nigeria: a panel data analysis. IFC Bulletin No, 36, 191-216.  

22. Peivandizadeh, A., Hatami, S., Nakhjavani, A., Khoshsima, L., Qazani, M. R. C., Haleem, 

M., & Alizadehsani, R. (2024). Stock market prediction with transductive long short-term 

memory and social media sentiment analysis. IEEE Access, 12, 87110-87130.  

23. Shiller, R. J. (2000). Measuring bubble expectations and investor confidence. The Journal 

of Psychology and Financial Markets, 1(1), 49-60.  



The Critical Review of Social Sciences Studies, Volume 3, Number 3, 2025 
 

1599 
 

24. Siddique, M. T., Jamee, S. S., Sajal, A., Mou, S. N., Mahin, M. R. H., Obaid, M. O., 

Hossain, M. R., & Hasan, M. (2025). Enhancing Automated Trading with Sentiment 

Analysis: Leveraging Large Language Models for Stock Market Predictions. The American 

Journal of Engineering and Technology, 7(03), 185-195.  

25. Sun, H., Zafar, M. Z., & Hasan, N. (2022). Employing natural language processing as 

artificial intelligence for analyzing consumer opinion toward advertisement. Frontiers in 

Psychology, 13, 856663.  

26. Tetlock, P. C. (2015). The role of media in finance. Handbook of media Economics, 1, 701-

721.  

27. Wu, C.-F., Lin, M.-C., Chao, T.-W., & Chiou, C.-C. (2025). Omnipresent AI and Big data 

for financial early warning: integrating financial indicators and text sentiment analysis in 

Chinese real estate. Enterprise Information Systems, 19(3-4), 2434742.  

28. Zhang, C., Sjarif, N. N., & Ibrahim, R. B. (2022). Decision fusion for stock market 

prediction: a systematic review. IEEE Access, 10, 81364-81379.  

29. Zhao, C., Li, F., Peng, Z., Zhou, X., & Zhuge, Y. (2023). A structured multi-head attention 

prediction method based on heterogeneous financial data. PeerJ Computer Science, 9, 

e1653.  

30. Zhou, Y., Fan, J., & Xue, L. (2024). How much can machines learn finance from Chinese 

text data? Management Science, 70(12), 8962-8987.  

 


