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This research aimed that how AI-based financial innovation can 

affect sustainable financial performance and in this context 

focuses on the mediating variables of customer trust and the 

moderating variables of regulatory governance in the financial 

sector of Pakistan. Based on the resource-based view, the 

stakeholder theory, and the institutional theory, a three-wave time-

lagged survey was performed on 450 bank and fintech 

organizations participants. The results show that AI-based 

financial innovation is a powerful boost in customer confidence, 

which leads to sustainable financial performance. In addition, the 

regulatory governance enhances the relationship between the 

customer trust and performance. The findings point out that 

technology capabilities are not sufficient, trust and institutional 

backing are very important in achieving sustainable results. The 

present work offers theoretical and practical implications on how 

to develop credible and robust digital financial ecosystems. 
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Introduction 

The world financial environment is experiencing a radical change that has been fuelled by the 

galloping pace of artificial intelligence (AI) integration within financial systems. Financial 

services, such as algorithmic credit scoring, robo-advisory, fraud detection and risk analytics, are 

transforming the creation of value, risk management, and engagement with stakeholders within 

financial institutions through the use of AI (Boukherouaa et al., 2021; OECD, 2023). It is 

especially dramatic in the realm of the emerging economies, where digital financial technologies 

provide new prospects never before seen in terms of efficiency, transparency, and financial 

inclusion (Demirguc-Kunt et al., 2022). There is however no uniform distribution of the benefits of 
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AI-led financial innovation, because it highly relies on the trust that users place on algorithmic 

systems and on the institutional setting within which they are implemented. 

The financial sector is the area where the process of digitalization is acceleration in Pakistan, and 

such initiatives as branchless banking, digital payment systems (e.g., Raast), and the promotion of 

the innovation of fintech by the State Bank of Pakistan (SBP, 2023) contribute to the digitalization 

process. The growing use of AIs in the financial services industry has helped financial institutions 

and fintech companies to enhance operational efficiency and reach underserved communities. 

However, Pakistan continues to be a setting of institutional instability, inconsistent regulations 

reinforcement, and comparatively poor digital trust in consumers (Khan et al., 2023). These 

dilemmas bring up serious questions of whether technological improvement is enough to attain 

stable financial performance, or are more decisive perceptual and institutional mechanisms 

involved. 

This paper relies on the resource-based view (RBV) and the stakeholder theory to support the 

thesis statement that AI-driven financial innovation is a strategic resource that may be helpful in 

improving the performance of the firm only in cases when it can be viewed as reliable and 

trustworthy by the stakeholders. Trust, especially in algorithmic decisions has become a defining 

factor of acceptance and continued use of technologies in digital finance (Gomber et al., 2018; 

Jagtiani and Lemieux, 2019). Without trust, even the most developed AI systems cannot give the 

desired performance results because users can resist the implementation, or they can doubt the 

validity of automated judgment. Therefore, customer trust is an important mediating variable that 

can transform technological capability to sustainable financial performance. 

Meanwhile, the institutional theory implies that effectiveness of such mechanisms depends on the 

regulatory environment. In emerging economies such as Pakistan, regulatory governance is a key 

determinant of the organizational behavior and the stakeholders. Good regulatory frameworks have 

the potential to increase transparency, decrease perceived risk, and increase trust in digital 

financial systems, but weak or uneven enforcement can decrease such impact (Djankov et al., 

2020; SBP, 2023). Consequently, the regulatory governance should be assumed to stabilize the 

association amid the customer trust and the sustainable financial performance, reinforcing the 

positive effect of trust in the situation of good conditions of institutional support. 

However, in spite of the increasing amount of literature on the topic of fintech, AI, sustainable 

finance, there is a serious gap in the area of insight into the interaction of these factors in the 

context of emerging markets. Existing literature has mostly considered the positive impact of 

technology innovation on performance or adoption results without considering the mediating 

nature of trust and the moderating power of regulatory institutions (Lee and Shin, 2018; Thakor, 

2020). In addition, the developing economies like Pakistan have limited empirical evidence, even 

though they have a unique institutionalize and a fast-changing digital ecosystem. 

To fill these gaps, the present study will suggest and empirically verify a triadic framework that 

investigates the effect of AI-powered financial innovation on sustainable financial performance by 

considering the moderating role of customer trust and taking into consideration the moderating 

influence of regulatory governance. In this way, the research contributes to the field in three ways. 

First, it contributes to the body of digital finance literature by adding a concept of trust as a 

defining explanatory variable in the relationships between AI capabilities and the performance 

outcomes. Second, it progresses institutional views by bringing out the contingent nature of the 

regulatory governance in developing these relationships. Third, it offers context-specific insights 

into the financial sector in Pakistan and has practical implications in order to enable policy makers, 

financial institutions and fintech developers to reach out to a sustainable and inclusive growth. 
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Theoretical Foundation and Hypotheses Development 

Theoretical Foundation 

The proposed research combines resource-based view (RBV), stakeholder theory, and institutional 

theory to indicate the impact of AI-driven financial innovation on sustainable financial 

performance in terms of customer trust to different regulation settings. Arguing with RBV, 

artificial intelligence (AI) and other technological capabilities are strategic resources that improve 

the efficiency, decision partaking, and the creation of values of the firms (Dubey et al., 2020; 

Wamba et al., 2021). In the financial sector, AI-powered innovation, including credit evaluation, 

fraud detection, and predictive analytics made by machine learning, allow companies to analyze 

vast amounts of data and make financial decisions more efficiently (Chen et al., 2022). However, 

RBV fails to capture the extent to which these technological capabilities are transferred to actual 

performance especially in the setting where the user perception plays a vital role. 

To solve this, a stakeholder theory is a concept that highlights that the success of any organization 

is based on trust and approval of the stakeholders (Freeman et al., 2020). Customer trust is critical 

in the digital financial services since it is in matters of risk, uncertainty, and information 

asymmetry that financial decisions are made. AI systems are efficient, but they can be thought of 

as opaque, and trust is another important mechanism that can be employed by technological 

innovation (Shin, 2021). 

Moreover, the institutional theory implies that the success of technological and relational 

mechanisms is determined by the regulation context within which firms are operating (Scott, 

2014). Transparency, accountability, and consumer protection are also ensured by regulatory 

governance that is especially crucial in AI-based financial systems (Zetzsche et al., 2020). 

Regulatory environments are extremely important in determining the behaviour of firms and 

customer beliefs in emerging economies like Pakistan where digital financial ecosystems are 

developing. 

Accordingly, this paper suggests that AI-based financial innovation improves sustainable financial 

performance by increasing customer trust, and that regulatory governance increases the connection 

between the two. 

Hypotheses Development  

AI-Driven Financial Innovation and Customer Trust 

The concept of AI-driven financial innovation can be described as the use of artificial intelligence 

technologies in the financial service sector to enhance efficiency, personalization, and decision 

making. Such innovations are automated credit scoring, robo-advisory services, and AI-based 

systems of detecting fraud (Lee and Shin, 2021). 

Although AI enhances operational efficiency, it will be successful in terms of customer perception 

of such technologies. The key factor in the adoption of technology is trust especially on financial 

grounds where there is high perceived risk (Gefen et al., 2003). AI systems that prove to be 

transparent, consistent, and fair have more chances of being trusted by customers (Shin, 2021). 

According to recent research, AI-based services have the potential to build customer trust, since 

the methodology eliminates human bias, enhances accuracy, and offers credible financial advice 

(Choung et al., 2023). But a lack of transparency or an apparent lack of algorithmic fairness can 

lead to a decrease in trust, especially in new markets that are still in the process of becoming 

digitalized and gaining institutional confidence. 
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Thus, financial institutions capable of appropriately applying AI-powered innovations in a more 

transparent and user-friendly way are more beneficial in generating customer trust. 

H1: AI-driven financial innovation positively influences customer trust. 

Customer Trust and Sustainable Financial Performance 

The focus of technological innovation has a very important role in shifting technological 

innovation into organizational performance, which is customer trust. Stakeholder theory states that 

trust leads to a decrease of uncertainty and increase in customer engagement and long-term 

relationships, which positively impact the performance of the firm (Freeman et al., 2020). 

Trust is especially essential in the financial services since the clients put their trust in the 

institutions to handle sensitive financial data and make decisions that are potentially expensive. 

With the confidence that AI-based financial systems have, customers will accept digital services 

more readily, engage in more transactions, and even have long-term relationships with financial 

institutions (Gomber et al., 2020). 

All of these are the results of sustainable financial performance, which encompasses not only 

profitability but long-term sustainability, retaining customers, and pursuing the goals of ESG 

(Kumar et al., 2023). Trust also boosts corporate reputation and satisfaction among stakeholders, 

which boosts sustainable performance further outcomes. 

H2: Customer trust positively influences sustainable financial performance. 

Mediating Role of Customer Trust 

In spite of the fact that the AI-based financial innovation offers companies with sophisticated 

technological benefits, its effect on performance is not implied automatically. Rather, it is subject 

to the perception and reaction of the customers towards such innovations. 

Customer trust is a mediating variable that connects AI-based financial innovation to the 

sustainable financial performance. Once customers feel that AI serves as credible and trustworthy 

systems, then they will use and even interact with financial services, and this will result in better 

performance results (Shin, 2021; Choung et al., 2023). 

On the other hand, the lack of trust can affect the efficiency of innovations, even though they are 

highly technical. This leveraging aspect is especially significant in nascent economies, in which 

the lack of trust and institutional difficulty can limit the payoffs of digital innovation. 

H3: Customer trust mediates the relationship between AI-driven financial innovation and 

sustainable financial performance. 

Moderating Role of Regulatory Governance 

The institutional theory points out that the effectiveness of organizational practices is determined 

by regulatory environments. The experience of financial regulations is known as regulatory 

governance. Regulatory governance in AI-based financial systems provides increased 

transparency, less uncertainty, and safeguard consumer interest (Zetzsche et al., 2020). Effective 

regulatory standards also enhance consumer trust in financial institutions and digital technologies, 

which enhances the good performances of trust (Arner et al., 2020). Regulatory efforts in the 

context of Pakistan include the digital banking systems and fintech regulations, which were 

established by the State Bank of Pakistan to promote financial innovation endeavors and consumer 

protection. Nevertheless, the effectiveness of such initiatives could be affected by differences in 

the application of regulations. 
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Thus, the relationship between customer trust and sustainable financial performance is likely to be 

increased due to regulatory governance. 

H4: Regulatory governance positively moderates the relationship between customer trust 

and sustainable financial performance, such that the relationship is stronger when 

regulatory governance is high. 

 

Figure 01: Framework 

Research Methodology 

Research Design 

In this research study, the quantitative research design will be applied based on a time-lagged 

three-wave survey design to test the hypotheses in the relationship between AI-driven financial 

innovation and customer trust, sustainable financial performance, and regulatory governance in the 

financial sector of Pakistan. Multi-wave design is especially suitable when reduction of common 

method bias and causal inference is characterized by the introduction of time lag between predictor 

and mediator variables and between mediator and outcome ones (Podsakoff et al., 2012). 

Measurements were taken at three time points with a four-week interval between them, which 

provided enough time and psychological spacing between measurements. 

Population and Sampling 

This study is aimed at the employees and managerial staff in the financial institutions, commercial 

banks, and fintech companies in operation in Pakistan. The selection of these respondents was due 

to their personal experience in AI-driven financial processes, as well as their knowledge of 

organizational performance and the regulatory environment. The purposive sampling method was 

used in order to make sure that the participants had pertinent knowledge and experience in digital 

financial services. The major financial centres such as Karachi, Lahore, and Islamabad were used 

to collect the data. At the first wave, 600 questionnaires were administered, and following a 

process of matching response of all three waves and removal of incomplete and inconsistent 

responses, a final sample of 450 usable responses was remained to be analyzed which is deemed to 

be sufficient to perform structural equation modeling (Hair et al., 2022). 

Three-Wave Data Collection Procedure 

Data collection was done in three waves. In Wave 1 (Time 1), the respondents were requested to 

give data on AI-based financial innovation, as well as demographic and control data including firm 

size, firm age, and experience of the respondent. In Wave 2 (Time 2) which was carried four 

weeks after, the same respondents were surveyed again to determine the customer trust and 

regulatory governance. The given temporal distance allows making sure that the perceptions of 

trust and regulatory conditions that respondents have are not impacted by the concomitant 

evaluation of AI adoption. Respondents gave data on sustainable financial performance in Wave 3 
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(Time 3), four weeks after giving it in the previous two waves. To ensure the same response on all 

three waves and also to retain the confidentiality, identify codes were given to each respondent. 

Measurement of Constructs 

The measurement of all constructs in this paper occurred through established multi-item scales 

which had already been used in the literature and that had been measured on a five-point Likert 

scale with one end of strongly disagree to the other end of strongly agree. The financial innovation 

based on AI was quantified through the level of AI implementation and use in finance (Chen et al., 

2022; Lee and Shin, 2021). The validated scales that measured customer trust included the 

perceptions on reliability, transparency, and confidence in digital financial systems (Gefen et al., 

2003; Shin, 2021). The subjective indicators that the authors identified as measures of sustainable 

financial performance were the profitability, long-term growth, and organizational resilience 

(Kumar et al., 2023; Wamba et al., 2021). Regulatory governance was measured using items that 

measured the strength, transparency, and compliance of financial regulations (Zetzsche et al., 

2020; Arner et al., 2020). 

Control Variables 

To ensure the robustness of the findings, several control variables were included in the analysis, 

including firm size, firm age, industry type (bank versus fintech), and respondent experience, as 

these factors may influence both innovation adoption and performance outcomes. 

Data Analysis Technique 

The analysis was performed with the help of Partial Least Squares Structural Equation Modeling 

(PLS-SEM) with SmartPLS 4 that could be used to analyze a complex model that includes 

mediation and moderation and does not imply strict normality assumptions (Hair et al., 2022). 

Measurement model was rated in reliability and validity, outer loading ( [?] 0.60), composite 

reliability ( [?] 0.70), mean variance extracted ( [?] 0.50), and discriminant validity with 

heterotrait-monotrait ratio (HTMT less than 0.85). Path coefficients, t-values derived by 

bootstrapping with 10,000 resamples, coefficient of determination (R 2) and sizes of effects (f 2 ) 

and predictive relevance (Q 2 ) were used to evaluate the structural model. 

Mediation and Moderation Analysis 

The moderation was studied by developing an interaction term between customer trust and 

regulatory governance, and the significance of the indirect paths was evaluated, which is the 

mediating effects. Additionally, moderated mediation analysis was done to test the conditional 

indirect effects of AI-based financial innovation on sustainable financial performance via customer 

trust in various levels of regulatory governance. 

Common Method Bias Control 

To minimize common method bias, this study employed several procedural and statistical 

remedies, including temporal separation through the three-wave design, assurance of respondent 

anonymity, and post hoc statistical tests such as Harman’s single-factor test and full collinearity 

variance inflation factors (VIF < 3.3) (Kock, 2015; Podsakoff et al., 2012). 

Finding and Analysis 

Measurement Model 

The measurement model has been evaluated in terms of reliability and validity as shown in table 1 

where all the constructs are found to be sound. Internal consistency reliability has been developed 
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and the alpha of Cronbach is expected to lie between 0.909 and 0.925 which is higher than the 

recommended 0.70. On the same note, Composite Reliability (CR) values (0.936-0.947) also 

reflect a high level of construct reliability, that is, the indicators are invariably measuring the 

respective latent variables. The high factor loadings, all above 0.85, greater than the acceptable 

minimum of 0.60, support convergent validity by virtue of the fact that every item is a strong 

representation of its underlying construct. Moreover, the values of the Average Variance Extracted 

(AVE) are between 0.786 and 0.817 which is significantly higher than the later threshold of 0.50 

indicating that constructs explain significant amount of variance in their indicators. Generally, the 

findings demonstrate the constructs, AI-driven financial innovation, customer trust, regulatory 

governance and sustainable financial performance, are well reliably and convergently valid, and 

can be analyzed to be incorporated in the structural model further. 

Table 1: Reliability and Validity 

Factor  Loading    alpha  CR  AVE 

AI Driven Financial Innovation   0.909  0.936  0.786  

T1_AIFI1 0.893 

T1_AIFI2 0.883 

T1_AIFI3 0.869 

T1_AIFI4 0.902 

Customer Trust     0.925  0.947  0.817 

T2_CT1 0.904 

T2_CT2 0.898 

T2_CT3 0.904 

T2_CT4 0.911 

Regulatory Governance    0.914  0.939  0.795 

T2_RG1 0.877 

T2_RG2 0.892 

T2_RG3 0.900 

T2_RG4 0.898 

Sustainable Financial Performance  0.920  0.943  0.806 

T3_SFP1 0.897 

T3_SFP2 0.906 

T3_SFP3 0.899 

T3_SFP4 0.888 

 

Figure 02: Measurement Model 
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Discriminant Validity 

Table 2 shows the test of heterotrait-monotrait ratio (HTMT) of discriminant validity. The findings 

have shown that all the values of HTMT are less than the recommended value of 0.85 which is a 

sign of sufficient discriminant validity of the constructs. In particular, the greatest value of HTMT 

can be found between Customer Trust (CT) and Sustainable Financial Performance (SFP) of 0.754, 

which is in acceptable levels. The other relationships, AIDFI-CT (0.677) and RG with other 

constructs (between 0.154 and 0.328) also indicate clear differentiation between variables. On the 

whole, these results prove that all constructs are empirically different and have specific features of 

the research model. 

Table 02: HTMT 

       AIDFI  CT  RG  SFP 

AIDFI     == 

CT     0.677  ==  

RG     0.254  0.154  == 

SFP     0.668  0.754  0.328  == 

Variance and effect size 

The structural model explains the explanatory power and size of effects of the model on the table 

3. The R2 values demonstrate that AI-based financial innovation predicts Customer Trust (CT) 

with a moderate to a strong level of accuracy (38.7), whereas Customer Trust (CT) and Regulatory 

Governance (RG) predict Sustainable Financial Performance (SFP) with a moderate to high level 

of accuracy (55.2). In addition, model stability is established by adjusted R 2 values. In terms of 

effect sizes (f 2), the effect of AIDFI on CT (0.631) and the effect of CT on SFP (0.977) are very 

strong. RG, on the other hand, has a minor impact on SFP (0.093). On the whole, the findings 

emphasize the importance of CT as the most important driver in the model. 

Table 03: Variance and effect size 

Factor   r square adjusted r square Factor   effect size 

CT   0.387  0.385   AiDFICT  0.631 

SFP   0.552  0.549   CTSFP  0.977 

        RGSFP  0.093 

Structural Model 

The results of the structural model are presented in the Table 4 (direct, moderating and mediating 

effects). The results indicate that AI-induced financial innovation (AiDFI) positively affects 

Customer Trust (CT) with a strong and significant impact (b = 0.622, t = 20.869, p < 0.001), which 

proves the assumption. In addition, CT has a significant effect on Sustainable Financial 

Performance (SFP) (b = 0.669, t = 24.521, p < 0.001), which implies that trust is an important 

factor in the process of translating innovation into performance results. Regulatory Governance 

(RG) (moderating effect) is also of significance (b = 0.155, t = 5.626, p < 0.001) as it is possible to 

state that more robust regulatory frameworks increase the positive influence of customer trust on 

financial performance. Also, the mediation analysis has confirmed that CT plays a significant role 

in the relationship between AiDFI and SFP (b = 0.416, t = 14.020, p < 0.001), which implies that 

innovation has an indirect effect on the sustainable performance through CT. 
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In sum, all the hypothesized relationships are upheld indicating the ultimate role of customer trust 

as a mediator and a direct force, and regulatory governance reinforces the relationship in the 

model. 

Table 04: Path co-efficient 

Path    beta  STDV  T value P value  Decision 

AiDFICT  0.622  0.623  0.030  20.869  0.000 

CTSFP  0.669  0.669  0.027  24.521  0.000 

RG*CTSFP  0.155  0.154  0.028  5.626  0.000 

AiDFICTSFP 0.416  0.417  0.030  14.020  0.000 

 

Figure 03: Structural Model 

Cross Validated Redundancy  

Table 5 shows the cross-validated values of redundancy (Q2) of the model as the blindfolding 

process that is designed to determine the predictive relevance of the model. Customer Trust (CT) 

and Sustainable Financial Performance (SFP) have Q2 values of 0.313 and 0.439 respectively 

which is above the threshold of zero. It means that both endogenous constructs are strongly 

predictable by the model. In particular, the fact that higher Q2 for SFP means that it is more 

predictive in terms of its ability to explain sustainable financial performance. On the whole, these 

results prove that the model has a reasonable out of sample prediction quality and can be further 

interpreted and confirmed by other means. 

Table 05: Blindfolding 

Factor     SSO  SSE   Q2=(1-SSE/SSO) 

CT     1800.000 1235.923  0.313 

SFP     1800.000 1009.056  0.439 
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Discussion 

AI-driven financial innovationcustomer trust 

The results show that financial innovation based on AI is associated with a high level of customer 

trust, which confirms the previous studies, indicating that the perceived trustworthiness and the 

quality of the offered services increase when the technological innovations in the financial sector 

are implemented openly (Choung et al., 2023; Gomber et al., 2020). This finding is consistent with 

the stakeholder theory, which indicates that customers base their judgment on AI systems in terms 

of fairness, accuracy, and consistency. Similarly to the more recent fintech literature, AI-based 

decision-making minimizes human bias and improves service efficiency, which contributes to the 

increased trust in the digital platform (Jagtiani & Lemieux, 2019; Shin, 2021). Nevertheless, the 

significance of perceived transparency can also be seen in this relationship, especially in the 

representatives of an emerging market, such as Pakistan, where the digital skepticism is still 

widespread. Therefore, AI serves as a trust-building tool only in case users trust it and view it as a 

credible and responsible one. 

Customer trustsustainable financial performance 

The positive relationship between customer trust and sustainable financial performance is strong 

and valid, and this aspect proves that trust is an essential intangible asset that leads to the long-

term success of organizations. This observation can be attributed to earlier literature that concludes 

that customer retention, engagement, and loyalty, which are the keys to sustainable performance, 

are boosted by trust (Freeman et al., 2020; Kumar et al., 2023). Additionally, recent studies point 

out that the level of trust in online financial services determines continuity in adoption and usage, 

which positively influences the level of financial performance outcomes and non-financial 

performance outcomes (Gomber et al., 2020; Wamba et al., 2021). Trust is even more valuable in 

the emergent economies with institutional uncertainty where perceived risk is lower and builds 

stronger customer relationships. Thus, relational mechanisms and not only technological 

capabilities are significant sources of sustainable financial performance. 

Mediating role of customer trust 

The mediation analysis confirms that the most important mechanism by which AI-based financial 

innovation has a relationship with sustainable financial performance is customer trust. The 

observation contributes to the existing body of research by indicating that technological abilities 

are not enough to produce performance results unless they are justified by the stakeholder 

perceptions (Shin, 2021; Choung et al., 2023). The previous literature highlights that trust 

constitutes a key factor in the process of digital technology adoption and value creation, especially 

with regard to financial services, which are highly uncertain and risky (Gefen et al., 2003; Jagtiani 

& Lemieux, 2019). Regarding the situation in Pakistan, such a mediating effect is particularly 

crucial because the rates of digital trust and institutional variability are relatively low. Therefore, 

customer trust is a conversion mechanism converting AI capability into a concrete financial 

performance, which emphasizes the significance of integrating technological and relationship 

strategies. 

Moderating role of regulatory governance 

The high moderating effect of the regulatory governance shows that institutional support enhances 

the relationship between customer trust and sustainable financial performance. This observation is 

in line with the institutional theory, which underlines that the regulatory framework can influence 

the organizational performance in terms of fostering transparency, accountability, and legitimacy 

(Scott, 2014; Zetzsche et al., 2020). Recent research findings regarding the regulation of fintech 
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indicate that good governance practices increase the level of customer trust and perceived risk of 

AI-driven financial services (Arner et al., 2020; Djankov et al., 2020). The State Bank regulatory 

efforts in Pakistan are important in instilling confidence about digital finance. Yet, the difference 

in effect size is not large enough to indicate that regulation should be viewed as a facilitating factor 

instead of a driver. Thus regulatory governance increases effectiveness of trust but does not replace 

it. 

Overall Discussion 

In general, the results can be explained by a combination of the framework according to which AI-

based financial innovation generates a potential value, customer trust converts the potential into 

the sustainable financial performance, and regulatory governance reinforces this correlation. This 

is consistent with the recent findings that have highlighted the ability of technology, trust in the 

stakeholders, and institutional support in determining the success of digital finance (Wamba et al., 

2021; Zetzsche et al., 2020). 

Theoretical Implications 

The current paper contributes to the body of knowledge by incorporating the resource-based 

perspective, the stakeholder theory, and institutional theory to uncover how AI-based financial 

innovation can be converted into sustainable financial performance. It builds on RBV by showing 

that technology-related capabilities are not sufficient unless they are supplemented by relationship-

based processes such as customer trust. Moreover, it also adds to the stakeholder theory by 

empirically supporting trust to be a mediating construct at the core of digital finance. Another 

contribution that the study makes to the institutional theory is the contingent nature of the 

regulatory governance in enhancing trust-performance relationships. It, therefore, provides a multi-

theoretical approach to explain how technology, relationship, and institutional forces also combine 

to influence the issue of financial sustainability. 

Practical Implications 

These findings can be helpful to policymakers and financial institutions in the emerging economies 

such as Pakistan. As much as the adoption of AI in financial services should be encouraged, the 

customer trust in the financial service should also be improved by ensuring transparency, 

explainability, and fairness of the AI systems. By enhancing regulatory frameworks through 

regulatory bodies like central banks, accountability and consumer protection should be promoted, 

which consequently creates confidence in digital fintech ecosystems. Moreover, the developers of 

fintech must be user-level focused and focus on ethical AI application. All these are practical 

measures that will assist in the transformation of technology innovation into sustainable financial 

results and facilitate inclusive financial development in developing markets. 

Managerial Implications 

To managers in banks and other fintech organizations, the research shows that investment in AI 

does not necessarily result in better performance. The managers should strive to develop and 

nurture customer confidence by being transparent, securing data and offering reliable services. 

Customer skepticism can be lowered by introducing explainable AI tools and transparent 

techniques of communication. Additionally, the performance outcomes and credibility are 

improved by aligning the business practices with the regulatory requirements. Trust is an asset that 

managers must consider strategic and must make it part of digital transformation strategies. In such 

a way, organizations will be able to make the most of the AI-based innovation returns and attain 

long-term, sustainable financial performance. 
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Limitations and Future Research Directions 

This study has a number of weaknesses despite its contributions. To begin with, the cross-sectional 

nature of the information used in a time-lagged study makes it impossible to determine the 

complete causality. In future research, longitudinal or experimental design can be used to obtain 

stronger causality. Second, the research is also context-specific to the Pakistani context where it 

might be hard to generalize the results to the broader institutional environment; future studies can 

examine the model in other institutional frameworks. Third, the research concentrates on the 

customer trust as the only mediator, which may be expanded to the perceived risk or digital 

literacy. Other moderators such as technological preparedness or culture can also be studied in 

future. 

Conclusion 

This paper concludes that AI financial innovation improves sustainable financial performance by 

mediating the relationship between customer trust, and regulatory governance reinforces this 

association. The results highlight that technological progress is not property to get sustainable 

results, but instead, confidence and institutional reinforcement is essential in the fulfillment of 

digital finance full potential. The paper has incorporated technological, relational, and institutional 

lenses to give a full picture on how AI can be used to enhance sustainable financial performance in 

the emerging economies. Finally, AI effectiveness in finance will rely on the establishment of 

credible and properly controlled digital environments. 
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